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Measuring Media Exposure and the
Effects of Negative Campaign Ads

Paul Freedman, University of Virginia
Ken Goldstein, Arizona State University

.

Recent controversy over negative television campaign commercials has focused on their
effects on voters. Proponents of the demobilization hypothesis claim that negative ads
undermine political efficacy and depress voter turnout. Others have suggested a stimula-
tion hypothesis, arguing that such advertising may have an invigorating effect on the
electorate. Empirical tests of competing claims demand improved measures of real vot-
ers’ exposure to real ads in the context of real campaigns. We develop a new approach to
estimating exposure outside the lab that combines respondent viewing behavior and the
strategic decisions of campaigns. Using this combined measure, we find no evidence that
exposure to negative advertising depresses turnout. Instead exposure to negative ads ap-
pears to increase the likelihood of voting. We find this effect when we estimate exposure
with our new measure, as well as when we use a very different perceptual measure of ad
tone.

1. INTRODUCTION

For decades, scholars have debated the impact of campaigns and cam-
paign advertising on voters and election outcomes.! Recently, the debate in
both the scholarly literature and the popular press has been re-ignited by the
question of whether or not negative television campaign ads depress voter
turnout. Advocates of the demobilization hypothesis claim that negative ads
undermine political efficacy and make it less likely that citizens will find
their way to the polls. In the strongest expression of the demobilization hy-
pothesis, Ansolabehere and Iyengar (1995) undertook a variety of controlled
experiments on a set of California races, as well as a study of turnout in the
1992 Senate elections, to examine what voters learn from television commer- -
cials and how negative campaign commercials influence voter participation.
Although they found that negative advertisements do provide information to
citizens, their most powerful findings were that negative commercials—

We thank Steven Finkel, Jim Granato, Shanto Iyengar, Warren Miller, and several anonymous re-
viewers for their helpful comments. This project was made possible with generous support from Ari-
zona State University, the University of Virginia Department of Government and Foreign Affairs,
and the Center for Survey Research at the University of Virginia. We wish to thank Tom Guterbock,
Marc Hetherington, and Amy Stewart for their valuable assistance in various parts of this project.
Finally, we’d like to express our appreciation to Evan Tracey and Robin Roberts of Campaign Me-
dia Analysis Group; they have generously given us access to an extraordinary resource.

1See, for example, Ansolabehere and Iyengar 1995; Bartels 1993; Finkel 1993; Holbrook
1996; McGuire 1986; Patterson and McClure 1976; Zaller 1992, 1996.
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1190 Paul Freedman and Ken Goldstein

“attack advertising” as they put it—demobilize the electorate, leading to de-
creased levels of political efficacy and a lower probability of voting, with par-
ticularly strong effects among self-identified independents.?

These claims have come under critical review, drawing both theoretical
and empirical challenges (Bartels 1996a, Finkel and Geer 1998). Finkel and
Geer, for example, have argued on behalf of a stimulation hypothesis, sug- -
gesting several theoretical reasons to expect exposure to negative spots to
increase turnout. First, negative advertising provides a significant amount of
relevant information; second, negative information may be given greater
weight than positive messages; third, negative commercials may produce
stronger affective responses, leading to heightened enthusiasm for candi-
dates, greater engagement with the election, and possibly increased motiva-
tion to learn more about the candidates (Finkel and Geer 1998, 577). In ad- .
dition, negative ads may help.raise the perceived stakes in a campaign.
Criticism of an opponent—particularly strong criticism—sends a message
that something of substance is at stake in the election, that its outcome mat-
ters, and that this is a choice voters should care about.

To test empirically the demobilization hypothesis, Finkel and Geer com-
bined an extremely detailed content analysis of presidential advertisements
from the political commercial archives at the University of Oklahoma with
aggregate turnout data and with pooled 1960-1992 National Election Stud-
ies (NES) data. They found that the tone of the advertising campaign in a
particular election year had no effect on aggregate rates of turnout, nor on
individual-level measures of turnout. Negative advertising did not have a
particular demobilizing effect on political independents, the group seen as
most likely to be affected; and those most likely to have been exposed to
negative advertising were no less likely to vote than others. In fact, with
other factors held constant, such individuals, along with those respondents -
most interested in the campaign, were actually more likely to report having
cast a ballot (Finkel and Geer 1988, 588).

Although we find Finkel and Geer’s theoretical arguments compelling
and are sympathetic to their conclusions, their measures of exposure to
negative advertisements suffer from several important limitations. Even if
archives have a complete collection of ads produced in a particular election

2See also Ansolabehere et al. (1994). The question of negative ads has received a good deal of
attention, and many studies have failed to find any demobilizing effects (e.g., Garramone et al.
1990). In a recent review, Lau and Sigelman (1998) report on twelve studies (containing twenty-
one “findings™) that address the effects of negative ads on citizen attitudes and bebaviors. Of the
five studies that reported any negative outcomes, two showed mixed or non-findings when it came
to turnout. Of the work reviewed by Lau and Sigelman, only Ansolabehere and Iyengar (1995) and
Ansolabehere et al. (1994) report unequivocally demobilizing effects of negative ads on voter
turnout.
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(an assumption challenged by Jamieson, Waldman, and Sherr 1998, 7), ar-
chival collections do not weight spots by how many times they were broad-
cast. A spot in the archives that was aired one-hundred times receives the
same weight as a spot aired one-thousand times: Indeed, some spots held by
archives may never have been broadcast at all. Furthermore, without state-
and market-level data on the distribution of ads, one must proceed as though
all voters in a given year were exposed to the same volume and mix of ad-
vertisements. As Finkel and Geer acknowledge, this is simply not the case.

Finkel and Geer end their piece with a call for further tests of the demo-
. bilization hypothesis, using “better individual-level measures of exposure to
campaign advertisements™ (1998, 591). Accordingly, our first goal in this ar-
ticle is to develop and test a new measure of exposure to political advertis-
ing. By combining information about the viewing habits of individuals and
the actual distribution of campaign advertisements in the 1997 Virginia gu-
bernatorial election, we devise an improved method for estimating advertis-
ing exposure. We then apply this method to the Virginia election and find
~ that negative political ads not only had no demobilizing effect, but actually
increased voter turnout.

2. A StMPLE MODEL OF ADVERTISING EXPOSURE

Exposure to a particular television ad is best thought of as a function of
two factors: the frequency with which an advertisement is aired in a particu-
lar media market and the quantity of television viewing by a particular re-
spondent.? As television viewing and the volume of advertising increase, the
- probability of exposure rises. In contrast, there is zero probability of expo-
sure to an ad if either of the constituent measures is zero. For example, even
the most avid television watchers will fail to see a campaign ad that is not
aired in their media market. Similarly, living in a media market that is satu-
rated with campaign advertisements will mean little to a respondent who
never watches television. Clearly, one needs estimates of both right-hand-
side terms in order to estimate accurately levels of advertising exposure.

To construct a more accurate measure of exposure, we conducted a
multi-pronged research project during the 1997 Virginia gubernatorial elec-
tion. The race, which pitted Republican Attorney General Jim Gilmore
against Democratic Lieutenant Governor Don Beyer, was dominated by
competing plans to modify Virginia’s annual tax on cars and trucks, by alter-
native proposals to improve education in the commonwealth, and to a lesser

3Actually, we believe there is a third critical factor: the tendency of the respondent to pay at-
tention to campaign commercials (as opposed to, for example, leaving the room or “channel surf-
ing”). For the time being, we ignore this factor and assume uniform patterns of ad attention among
respondents.
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extent, by arguments over crime and abortion. Happily for us, many of the
most strenuous disagreements found their way into campaign ads. On No-
vember 4, Gilmore defeated Beyer by a comfortable 13 percentage-point
margin (56 percent to 43 percent), bringing with him into office, for the first
time this century, both a Republican Lieutenant Governor and a Republican
Attorney General.

Our analysis draws on data from several sources: first, a panel survey of
Virginia registered voters; second, a content analysis of television commer-
cials aired during the campaign; and third, detailed satellite tracking data
showing when, where, and how many times each campaign ad aired in each
of Virginia’s top four media markets. By bringing these data together, we are
able to construct new, more precise measures of exposure that would not be
possible by using any one data source exclusively.

2.1 What Was Aired and When

In the past, the only way to get information on the volume, tone, and tar-
geting of television advertising was to try to obtain information from fre-
quently uncooperative and unreliable campaigns, or to go through the ardu-
ous process of calling individual stations in selected markets and examining
their advertising logs. In either case, serious questions about the accuracy of
the data would remain. Fortunately, an independent satellite tracking sys-
tem—the ‘“Polaris Ad Detector”—now automatically monitors political ad-
vertising activity throughout the year. The Polaris system tracks the satellite
transmissions of the national networks (ABC, CBS, NBC, and Fox) as well
as twenty-five national cable networks (CNN, ESPN, TNT, etc.). In addition,
Campaign Media Analysis Group (CMAG), the owner of the Polaris tech-
nology, has set computer traps to monitor advertising in each of the coun-
try’s top seventy-five media markets. The system’s software recognizes the
electronic seams between programming and advertising and identifies the
“digital fingerprints” of specific advertisements. When the system does not
recognize the fingerprint of a particular commercial spot, the storyboard (the
full audio and every four seconds of video) is captured and downloaded to
the firm’s headquarters. Analysts then code the ads, assigning them to par-
ticular categories, and tag them with a digital code. Thereafter, the system
automatically recognizes and logs that particular commercial wherever and
whenever it airs.*

4We have a high degree of confidence in the CMAG system based on its performance in 1996.
The validity of CMAG from the 1996 presidential election was assessed in a number of different
ways. First, we obtained documents from both the Clinton and Dole campaigns on the aggregate lev-
els of spending in each market. These spending totals were consistent with the aggregate informa-
tion by market from the CMAG data. Second, since both campaigns bought the CMAG data, we in-
terviewed staff from both campaigns to see if the CMAG reports they received on their own
targeting were consistent with their own records of their ad buys. The staffers reported only a hand-
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The quantity and quality of these data are remarkable. The CMAG data-
base contains information on the content, timing, and geographic targeting
of every commercial aired in the covered markets. In Virginia, we were pro-
vided information on 10,737 spots that aired in the state’s four largest media
markets (home to more than 90 percent of the Commonwealth’s population)
* during the 1997 gubernatorial race. More specifically, we were given data on
the number of times and at what part of the day a particular commercial was
aired in a particular market. Using the storyboards for all of the spots and
videotapes of most of them, we coded each of the commercials for tone and
merged this information with the CMAG data.

We coded the spots with the aid of 149 Arizona State University and
University of Virginia undergraduates, who endured a barrage of thirty-one
- advertisements presented on videotapes provided by the gubernatorial cam-
paigns. Students were asked to evaluate the tone of each spot on a five-point
scale ranging from | (“most positive” appeals by a sponsoring candidate) to
5 (“most negative” claims about an opponent). Students were instructed to
code as “3” ads containing a fairly even mix of positive appeals by the spon-
sor and criticisms of his opponent. We took the average score for each spot,
rounded to the nearest integer, and then differentiated among “positive”
_ (codes 1 and 2), “negative” (codes 4 and 5), and “contrast” (code 3) ads. (A
second team of coders evaluated fourteen additional spots which aired, but
were not included on the tapes provided by the campaigns. See Appendix A
for a more complete description of the coding process.)

Gilmore enjoyed an eight percentage-point statewide advantage in spots
aired over his Democratic opponent, broadcasting 54 percent of all the ads
aired during the campaign (translating into a lead of almost 1,000 spots). Al-
though Gilmore led in every market, the two candidates were more evenly
" matched in the state’s two biggest and most expensive media markets, Wash-
ington, D.C. (where Beyer was most competitive) and Richmond.’

ful of discrepancies out of the tens of thousands of ads aired. 1t should be noted that in these cases,
the campaign staffers usually trusted the CMAG findings, believing that the stations aired the wrong
commercial or aired a commercial at an incorrect time. (The Polaris technology was originally de-
veloped to enable advertising agencies to confirm that their commercials were being aired.) Finally,
we compared CMAG data in the Columbus, Ohio market with the findings of Prior (1997), who
" gathered the broadcast logs of the stations in that market and again found an almost perfect fit.

SAt the aggregate level there is an alternative measure of advertising intensity. The Gross Rat-
ings Point (GRP) is an estimate of the total number of viewers who were likely to have seen particu-
lar spots. It is the metric most commonly used by political strategists to describe the extent of adver-
tising activity, and it is a useful measure for comparing the magnitude of advertising buys from
market to market or race to race. Nevertheless, the GRP is not a direct measure of exposure at the
individual level. Moreover, at the aggregate level, because we take into account individual viewing
patterns throughout the day, our combined measure of exposure will only yield misleading informa-
tion if, in a given daypart, one of the candidates has purchased significantly fewer spots on more
’ highly rated shows. Our examination of where spots were placed indicates that this was not the case.
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Table 1. Tone of Ads Made and

Spots Aired by Candidate
Tone and Totals Spots Aired Ads Made
Gilmore
Positive 32% 50%
Contrast 27% 14%
Negative _41% 36%
Total . 5,829 22
Beyer
Pasitive 13% 3%
Contrast 27% 13%
Negative __60% 56%
Total 4,908 16

Looking at the timing of the commercials shows that more than two out
of every three spots aired in the race were broadcast during the last month of
the campaign. Over the summer and into September, Beyer had a slight, two
percentage-point advantage in spots aired. In the last five weeks of the cam-
paign, however, Gilmore enjoyed a fourteen-point lead over his Democratic
rival in the number of spots aired. ,

Table 1 presents the distribution of spots aired by tone for the two can-
didates. Sharp differences can be seen in the tone of the ads aired by the two
candidates, with Beyer broadcasting many more negative and far fewer posi-
tive spots than Gilmore. Almost a third of Gilmore’s ads were positive, with
27 percent contrast and 41 percent negative. By comparison, a majority (60
percent) of Beyer’s broadcast spots were negative in tone, with 27 percent
contrast and only 13 percent positive. Altogether, just under half of all ads
aired in the Virginia gubernatorial race were negative, with one quarter posi-
tive and another quarter contrast.

Table 1 also provides strong evidence that scholars should be wary about
judging campaign advertising by looking only at commercials made. Quite
simply, the portrait of campaign advertising that emerges from an examina-
tion of commercials produced by the campaign differs markedly from the
distribution of spots actually viewed by Virginia voters. For example, if one
were to look only at commercials produced (column three), one would con-
clude that 31 percent of Beyer’s advertisements were positive and 13 percent
were contrast. In reality, the proportions are reversed; 27 percent of the ads
that Beyer aired were contrast spots and only 13 percent were positive.

Of course, knowing the aggregate number of spots aired by each cam-
paign is of limited utility in estimating individual-level exposure, regardless
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Table 2. Advertising by Time of Day

% of Beyer % of Gilmore % of Ads That
Day Part Time Spots Aired Spots Aired ~ Were Negative
Early Morning | 6-10 am 1 12 47
Daytime 10 am-4 pm 26 19 51
Early Fringe 4 pm-7:30 pm 18 14 52
Early News News in E. Fringe 6 6 48
Prime Access 7:30 pm~8 pm 12 11 44
Prime Time 8 pm-11 pm 7 10 49
Late News 10 or 11 pm news 6 7 48
Late Fringe 11 pm-1 am 8 13 51
Weekend Day 6 am-7 pm 6 8 49

of how one has coded the data. We also need to know when spots were aired.
In Table 2, we present data on the time of day (“daypart” in industry par-
lance) when the respective candidates aired their commercials. Overall, the
patterns are fairly similar. Both candidates concentrated their advertising
during daytime and early evening hours, broadcasting relatively fewer spots
on the weekends, early in the morning, and during prime time. Indeed, on an
hourly basis, the most popular time for both candidates was “prime access,”
the half-hour leading up to prime time broadcasts. Where Beyer enjoyed an
advantage in the daytime and early fringe dayparts, Gilmore targeted more
commercials in prime time and late fringe. The variance in buying patterns
yields the greatest difference in spots aired during late fringe where, state-
wide, Gilmore enjoyed a two-to-one advantage (747 to 379). We find that
there was very little variance in the proportion of negative spots aired. In
each daypart, about five in ten spots were negative.

The coded CMAG data provide an interesting picture of the strategic de-
cisions made by the campaigns and of the tone and targeting of ads in Vir-
ginia’s 1997 race for Govemor. Still, measures of what ads were broadcast
tell us nothing about exposure across individual respondents and, by them-
selves, do not allow us to estimate their effects. We also need a measure of
respondent media exposure.

2.2 Estimating Individual Exposure

Just as ad buys vary geographically across markets and temporally
throughout the course of a day, citizen television exposure varies (indeed,
this is one reason why ad buys vary). This variance interacts with the target-
ing of commercials to affect the probability that an individual has seen a par-
ticular spot. As discussed above, a respondent residing in a market that was
heavily targeted by campaign strategists, but who watched little television,
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would still have a low level of exposure. In fact, a heavy TV watcher living
in an area that was not intensely targeted might have a higher level of expo-
sure. In short, measuring exposure not only demands information on the tar-
geting of ads, but also on the probability of reception at the individual level.

Scholars have used a number of different strategies to measure exposure
at the individual level. Some have proceeded by building scales from com-
mon questions about the sources of campaign information (e.g., newspapers,
magazines, radio, and television news). Others have argued that, because
self-reported exposure to the news media can be unreliable, reception is best
measured by a political information variable built from a set of factual ques-
tions (e.g., Price and Zaller 1993). Such measurement strategies make sense
when applied to messages from the news media or to a total campaign envi-
ronment. These measures are less valid when applied to the specific case of
television advertising. To measure exposure to television advertising we
need a measure of individual viewing patterns.

There are two possible strategies for measuring individuals’ viewing
patterns: (1) asking about specific shows and (2) asking about television-
watching habits during particular times of the day. The 1995 NES Pilot
Study tested both—asking two general questions about television watching
during the day and evening as well as a battery of questions about particular.
television shows. Although the specific-show measures performed slightly
better, analysis of the instrumentation suggested that both techniques pro-
vided valid measures of television viewing (Bartels 1996b).

Unfortunately, collecting data on the viewership of enough shows to
create reliable indicators of individual exposure over the course of a typical
day would demand a prohibitive outlay of resources. Therefore, we followed
a different strategy. In a pre-election survey of Virginia voters, we included,
along with commonly asked demographic, issue, and voting questions, a’
battery about television viewing habits. Specifically, we asked respondents
how much television they watched during parts of the day corresponding
with the daypart information from the CMAG data. (See Appendix B for
question wordings.)®

Our pre-election telephone survey included 637 randomly selected reg-
istered voters from throughout the Commonwealth of Virginia and was in
the field from October 5 through October 17, 1997. Under the guidance of
professional staff supervisors, interviews were conducted by students from
two classes in the departments of Sociology and Government and Foreign

5We accounted for each weekday daypart, although we merged several into a single question
(asking, for example, how many hours of television the respondent watched between 4 and 8 pm).
We did not ask about television viewing during the weekend thirteen-hour daypart, as a single ques-
tion would be unreliable and multiple questions inefficient given the relatively small proportion of
spots run during this daypart. ‘
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Affairs at the University of Virginia.” On the Monday following the election
(November 10), we returned to the field for an additional thirteen days of
follow-up interviews, this time conducted by a professional survey research
firm.® In this second wave we were able to recontact 350 out of our initial
637 respondents.’

Respondents in our pre-election survey viewed an average of 4.4 hours
of television during a typical weekday. This figure, however, masks consid-
erable variation in the quantity of television viewing. While less than 5 per-
cent of our sample watched no television at all, a full one-quarter watched 6
hours per day or more, and 7 percent consumed at least 10 hours of televi-
.sion on a daily basis. These total television watching figures—calculated
from the individual daypart measures—are comparable to national data col-
lected in the 1995 NES Pilot Study.

2.3 Putting It All Together

To derive an estimate of exposure to campaign ads we merged the sur-
vey and coded CMAG data at the level of the daypart. For every respondent
in each of the top four markets, the CMAG data were weighted by self-
reported television viewing for the relevant daypart. Thus, if respondent
Smith lived in the Roanoke market, where Don Beyer aired 164 negative ads
during the four-hour morning daypart, and if Mrs. Smith told us she watched

"The survey was administered using the facilities of the Center for Survey Research at the Uni-
versity of Virginia and a list-assisted random-digit dial sample provided by Genesys Sampling Sys-
tems of Ft. Washington, PA. Up to eight call-backs were undertaken, but conversion of non-
respondents was not attempted. The cooperation rate (completed interviews/completed interviews +
refusals) was 53.7 percent.

®Interviews were conducted by Promark Research, of Houston, Texas.

%At the conclusion of the first-wave interviews, respondents were asked for a first name or
identifying initial and were informed of a possible re-contact. Ninety-four respondents—approxi-
mately 15 percent of the original sample—refused to give identifying information, and/or asked not
to be recontacted. Of the remaining 543, post-election interviews were completed with 350, or 64.5
percent (54.9 percent of the original sample). Although the entire post-election field period spanned
almost two weeks, more than ninety percent of the interviews were completed within the first seven
.days. Across a wide range of demographic and attitudinal variables (including media exposure), re-
spondents in the post-election wave closely resemble those who only took part in the pre-election
survey. Despite these reassuring similarities, there are some important differences. Respondents tak-

"ing part in both waves are more politically engaged and informed (despite no differences in cam-
paign interest) than those who only participated in the first wave, a finding consistent with existing
work on response bias (Brehm 1993). How might such self-selection affect our findings in the
present study? If anything, a better informed, more highly engaged sample works against us, by
making effects of campaign advertising harder to detect. To the extent that those who are more po-
litically aware are less susceptible to campaign messages (Zaller 1992,1996), our post-election
sample represents a higher threshold for any effects. (The story would be somewhat different if we
were using political information as proxy for exposure to campaign messages. Because we have
more direct measures, this is not a concern.)
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two hours of morning television, she was assigned an exposure value of
one-half the total number of Beyer negative ads aired during this daypart.
We repeated this procedure for all Beyer and Gilmore ads (whether negative,
positive, or contrast) and for every daypart, yielding a preliminary estimate
of ad exposure in units of spots seen.

This measure, ranging from zero exposure to having seen more than two
thousand spots during the course of the campaign, is of course only an esti-
mate, and most likely an overestimate at that. We have no way of knowing
that a given respondent was actually watching television at the time (and on
the channel) that a given ad was.aired.!? It is best, therefore, to think of our
measure as an upper bound on the number of spots that respondents were
likely to have seen and as a measure of relative exposure among respondents
in our sample. Recognizing that the effects of campaign ads will tend to di-
minish as the number of ads one has seen grows (the effect of the first 200
negative spots, for example, is most likely greater than the effect of the sec-
ond or third 200), we took the log of our preliminary estimate (after first
adding one to account for respondents with zero exposure), resulting in a
measure ranging from 0 to 7.75 (mean = 5.24, standard deviation = 1.34).!!

3. AbverTiSING EFFECTS

To check on the validity of our exposure measure, we first estimated a
model of respondent recall of television advertising. Respondents who we
estimated to have seen more ads should have been more likely to recall hav-
ing seen an ad than those who saw fewer ads. This is precisely the case. Our
combined measure of exposure to television advertising had a significant in-
fluence on recall of television advertising. We asked our post-election re-
spondents whether they remembered having seen any Gilmore or Beyer tele-
vision commercials. (More than four-fifths said they did.) Even controlling
for education, general television viewing habits, campaign interest, and tele-
vision news viewership, recall of campaign ads rises with our estimate of
exposure. Although those whom we estimate to have seen no ads are still as
likely as not to report remembering one, the probability of recall is almost
doubled for respondents at the highest level of estimated exposure.

I%Moreover, as we have noted, we have no information on the probability that the respondent
was paying attention to a given commercial, something we believe future models should take into
account.

HIn general, this combined measure will be most useful when there are high levels of variance
in patterns of both ad buys and respondent viewing. If there were no variance in the latter—if every
respondent watched the same quantity of television in every daypart—our measure would be com-
posed entirely of differential patterns of candidate ad buys across markets and dayparts. Put differ-
ently, there would be no added value from data on respondent viewing. Similarly, if the exact same
ads were run in the same numbers in the same dayparts and markets, our measure of exposure would
be driven entirely by patterns of respondent viewing.
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We also estimated a model using just the number of spots aired in the
market as a measure of exposure. Consistent with our expectations, we
found no effect for this completely contextual measure of exposure. Simi-
larly, we estimated a model using only television watching and again found
no effects. In short, we only found effects when we combined information
about both what was aired and what was watched. These initial results give
us confidence about the validity of our combined measure and encourage us
to apply it to the substantive question of negative ads and voter turnout.

3.1 Negative Ads and Voter Turnout

To assess the effect of advertising on the probability of voting, we esti-
mated a series of simple probit models of voter turnout. These models, re-
ported in Table 3, include many of the standard correlates of voting (e.g.,
- Rosenstone and Hansen 1993). Consistent with volumes of previous re-
search, we found that turnout increases with education as well as with
strength of partisanship, campaign interest, and reading a daily newspaper.
In our model, neither gender nor race has a significant effect on voting, al-
though age does have a positive impact.'? Finally, mobilizing contacts (in
person or by mail) by campaigns, parties, and other groups increases the
probability of voting. A

Our more relevant finding is that exposure to negative political advertise-
ments had no demobilizing effect at all. Instead, there is a strong, positive ef-
fect on turnout. Based on Model A, moving from the lowest to highest levels
of exposure would raise the probability of voting by a staggering fifty-one
points, from an estimated .33 to .84 (mean turnout in the sample is 73.6 per-
cent).'? Of course, this is a relatively meaningless figure: It makes little sense
to compare the twenty-six respondents who saw no negative campaign ads
with the single respondent who saw more than 1,200. More realistically,
" moving one standard deviation away from the mean level of exposure would
increase the probability of turnout by three points, from .76 to .79.14

We re-estimated the model in a variety of ways. First, we added our esti-
mates of exposure to contrast and positive ads, separately and in combination.

12We do not include income in the model; doing so produces no effects (either from income or
the log of income}), but does lead to a large number of missing data.

PHolding all other variables constant at their means, except for sex and race which were set to
zero.

141t should be noted that these effects are not merely due to television watching in general
(which is included in the model), nor to differences in advertising buys across the four major media
markets. We include in Model A the “volume” of negative ad buys by media market, which has no
effect once we have accounted for our more comprehensive measure of exposure. We tried alterna-
tive specifications, replacing this variable with the total number of ad buys by market, as well as
with disaggregated measures of positive, negative, and contrast buys by market. None of these speci-
fications had any effect whatsoever after controlling for our exposure measure.
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Table 3. Voter Turnout and Tone of Ads

Probit Estimates

Model A Model B Model C -
Exposure to negative ads ' 202 (.105) — .180 (.103)
Perceived negativity of ads — 435 (.204) 406 (.205)
Education 2064 (414)  1.838 (440) 2015 (421)
Female .220 (.206) 245 (.210) .260 (.209)
African American -087 (331) —.003 (314) -.002 (.321)
Age .015 (.006) .016 (.007) .016 (.007)
Strength of partisanship 732 (.285) 797 (.282) 799 (.285)
Campaign interest 1.177 (.310) 1.226 (.309) 1.258 (.310).
Newspaper reading ) .068 (.035) .073 (.035) .072 (.035)
Weekday television viewing -.002 (.042) .045 (.033) —-.003 (.043)
Total negative ads aired in market .000 (.001) .000 (.001) .000 (.001)
Mobilized by party, campaign, group 502 (.202) 476 (.204) 500 (.205)
Internal efficacy 046 (.357) 082 (.366) .088 (.373)
Constant -3.897(1.889) -3.499(1.854) —4.068(1.939)
log likelihood -110.578 ~-109.609 -108.169
n 273 273 273
Percent “correctly” predicted . 81.32 80.95 80.22
“null model” 73.63 73.63 73.63

Cell entries are probit coefficients with robust standard errors in paréntheses.

Doing so introduces serious problems of collinearity; as one would expect,
people exposed to high levels of negative ads tend also to have been exposed
to high levels of other ads.!> A clear pattern emerges, however: The effects of
negative ad exposure are always positive and strong. The effects of our other
measures by themselves are positive, but when combined with the stimulat-
ing effects of negative ad exposure these effects evaporate. In any combina-
tion, the effects of negative ads are positive, while those of contrast and posi-
tive are negative (and, due to collinearity, none of these effects reaches
statistical significance). In sum, although we consider it entirely possible that
exposure to campaign ads in general leads to higher turnout, the evidence sug-
gests that it is primarily the negative spots that have a mobilizing effect on
voters. 6

15Unlike the case in the lab, where exposure to particular ads can be carefully controlled, re-
spondents in the real world inevitably view a mix of negative, positive, and contrast spots. No re-
spondent in our sample saw one type of ad without being exposed to the other two as well. While
multicollinearity will not usually result in biased coefficients, it can lead to inflated standard errors
that make interpretation difficult. ]

15We operationalized exposure in yet another way, looking at the ratio of negative to positive
and contrast ads. Although this is a less useful test of the demobilization and stimulation hypotheses
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Next, we tested the hypothesis that negative ads might have demobiliz-
ing effects for political independents. We created interaction terms to esti-
mate the effects of negative ad exposure separately for different partisan

~ groups (we also re-estimated our original model for each group separately).
The results were the same as before: We found no demobilizing effects
among political independents, nor for any other partisan identifiers.

In their experimental work, Ansolabehere and Iyengar found that expo-
sure to negative ads led to significant and substantial reductions in internal
efficacy, or what they refer to as “political self-confidence” (1995, 104). We
used the same two questions that Ansolabehere and Iyengar relied on to
measure internal efficacy and estimated a model similar to the one they re-

- port.!” We looked for a similar effect in our data and found none.

Finally, we used a different strategy to assess the impact of negative ad-
vertising. In addition to our coders’ assessments of the candidates’ spots, we
asked our respondents to tell us whether they thought the tone of the each
candidates’ ads was on balance positive or negative. Respondents who re-
called any ads were asked if they thought each candidate’s ads were “gener-
ally positive, generally negative, or is it hard to say?” Of those respondents
willing to rate the ads, 60.5 percent found Beyer’s spots to be “generally
negative,” and 46.3 percent considered Gilmore’s spots generally negative.
This is consistent with our coders’ assessments of the candidates’ spots: 60
percent of the spots aired by Beyer were rated negative versus 41 percent of
Gilmore’s ads (see Table 1).

We combined the ratings for each candidate’s spots into a single mea-
sure of perceived tone, which ranges from most positive (respondents who
thought both candidates’ ads were generally positive), to most negative (re-

" spondents who thought both candidates’ ads were generally negative; see
Appendix B for question wording and coding). This measure is, as one
would expect, correlated with actual exposure to negative ads, although

(a hypothetical respondent exposed to a single negative ad and no others is treated the same as some-
one exposed to 1000 negative ads and no others), the pattern of results is consistent with our other
findings: Exposure to a high proportion of negative spots—whether as a share of total spots or of
" positive spots only—has a positive effect on turnout (although not one that is significantly larger
than its standard error). In contrast, exposure to a high proportion of positive spots has a negative
effect on turnout (again, however, not one that is strongly significant).
17Eollowing Ansolabehere and lyengar, we averaged the responses to our two efficacy ques-
tions to create an internal efficacy scale running from 0 (least efficacious) to 1 (most efficacious).
(We note, however, that the first question in our scale has more commonly been used as a measure
of external efficacy; see Rosenstone and Hansen 1993.) In addition to exposure to negative ads, our
OLS model included education, campaign interest, race, gender, age, strength of partisanship, news-
paper reading, and weekday television viewing. We also estimated separate models for each of our ’
* efficacy questions and still found no effects of exposure to negative spots.
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there are other factors affecting respondents’ perceptions of tone.!® Using
this perceptual measure, we once again found a stimulating effect of negativ-
ity (Table 3, Model B).

Controlling for the other variables in our model, respondents who con-
sidered both candidates’ ads to be “mostly negative” were twenty-eight
points more likely to vote than were those who considered the ads “mostly
positive” (estimated turnout probabilities of .58 and .86). Once again, mov-
ing one standard deviation away from the mean would increase the probabil-
ity of voting by seven points, from .74 to .81. When exposure is included in
the model along with the perceptual measure, both variables have positive
effects on turnout (Model C). We take these findings as additional evidence
in support of the theoretical argument that negative ads can indeed stimulate
political activity.

4. CONCLUSION

Until now, most survey-based work on the effects of political advertis-
ing has had to make do with blunt, error-prone measures of ad exposure,
making it more difficult to detect effects of any sort (Bartels 1993). We have
presented a new method, combining survey data with information about the
distribution of campaign ads and a content analysis of spots actually aired, to
derive an individual-level estimate of ad exposure. We demonstrated that
this measure works well as an estimate of exposure. Importantly, we also
found that neither contextual measures nor viewing habits alone is a suffi-
cient measure of exposure to political advertising.

Using our combined measure of exposure to examine the vexing ques-
tion of negative ads and voter turnout, we found no evidence to support the
demobilization hypothesis. Exposure to negative spots did not reduce the
likelihood that our respondents would vote. To the contrary, negative ads ap-
pear to stimulate voter turnout. This was also the case when we used a very
different measure, subjective perceptions of the tone of campaign ads. Those
who found the candidates’ commercials to be generally negative had a
greater probability of voting than those who were more sanguine about the
tone of the ads.

Our findings are consistent with Lau’s work on political negativity ef-
fects. In general, there is “greater weight given to negative information rela-

13Compared with respondents who saw no negative campaign spots, those exposed to the
greatest number of ads provided average perceptual ratings that were .32 points higher (more nega-
tive) on the —1 to 1 measure of perceived tone, controlling for education, sex, race, television watch-
ing, and internal efficacy. Perceived negativity increased with education and decreased with efficacy;
African Americans were significantly less negative in their evaluations of tone than were whites. At
the level of the individual candidates’ spots there is a detectable partisan bias in perceptions: Beyer's
ads were rated more positively by Democrats, more negatively by Republicans; the opposite pattern
held for Gilmore’s commercials.
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tive to equally extreme and equally likely positive information in a variety of
information-processing tasks” (1985, 119). Lau offers two explanations for
negativity effects: First, according to the “figure-ground hypothesis,” nega-
tive information “may be perceptually more salient, more easily noticed, and
therefore more readily processed” than positive information (1985, 121).
Against a background of generally positive messages, negativity may simply
stand out. Second, Lau offers a “cost-orientation hypothesis,” suggesting
that “people are more strongly motivated to avoid costs than to approach
gains” (122). Lau finds that presidential evaluations involve both perceptual
and motivational factors, while perceptual explanations alone account for
negativity effects in congressional races. Both accounts appear to be plau-
sible explanations for the negativity effects we find here, although further
work is clearly needed in order to untangle these alternative hypotheses.

How do we account for the fact that our findings diverge so dramatically
from what advocates of the demobilization hypothesis would expect? There
are several important differences between the present study and the experi-
mental work of Ansolabehere and his colleagues (1994, 1995); we certainly
do not claim to have offered a replication here. First and most obviously, we
have moved out of the lab and into a real campaign, where exposure to nega-
tive ads (our “treatment”) took place over many weeks, rather than during a
single visit. Second, our dependent variable was actual self-reported vote
which, while certainly not error-free, is arguably a better measure of voting
than reported vote intention, on which one must often rely in an experimen-
tal context. Finally, our study took place in a single southern state during an
off-off-year gubernatorial election. It is possible—though we suspect quite
unlikely—that the dynamics of campaign advertising simply function differ-
ently in Virginia. Further exploration of our combined measure of exposure
in different settings, such as congressional and presidential races, is clearly
required.

Additional work should also focus on how particular kinds of campaign
ads—and particular forms of campaign appeals—are perceived by viewers
and voters. Beyond the simple negative-positive-contrast typology we have
used, and beyond the issue-trait distinction employed by Finkel and Geer
(1998), much remains to be learned about what kinds of appeals citizens
consider to be legitimate, and what they consider to be unfair or off-limits.
Future work should explore these distinctions and bring more refined mea-
sures to bear on the stimulation and demobilization hypotheses.

Political campaigns have always been, in Finkel and Geer’s words,
“pitched battles” in which serious candidates trade serious charges. At a time
when voter turnout is at its lowest in decades, our findings suggest that nega-
tivity may well have a salutary effect on electoral participation. Neverthe-
less, we are not calling for more negativity (and certainly not required nega-
tivity) in political advertising as a solution to the pervasive problem of
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declining turnout. First, aggregate voter turnout is a multi-causal phenom-
enon and an increase in the number of negative campaign ads is unlikely to
reverse other powerful, long-term trends. Indeed, turnout has continued to
decline during a period in which negative ads have been on the rise (West
1997). Second, even if there were incontrovertible evidence that a dramatic
increase in negativity could stimulate turnout at the national level, there may
be normative concerns about the tenor of democratic discourse and the type
of campaigns we want to encourage. For reasons having nothing to do with
voter turnout, we may want (o see less negativity in our politics. '

Still, the real world test of negativity and turnout presented here does
have real world policy implications. Although we are not endorsing more
negativity, our findings should give pause to those who would restrict or
regulate the type of advertising that is allowed. There may be much that is
wrong about the way our election campaigns are run; indeed, there may be
much to decry about the tone of political advertising. Our findings suggest,
however, that such criticism should not include the demobilizing effects of
negative campaign advertising.

Manuscript submitted August 17, 1998.
Final manuscript received February 18, 1999.

APPENDIX A
Coding of Campaign Ads

To code the campaign ads, we enlisted the help of 149 undergraduates, forty-eight at
the University of Virginia and 101 at Arizona State University. At ASU we conducted an
order experiment in which half the coders saw the Beyer ads first, and half saw the
Gilmore spots first. There were no detectable effects from this manipulation. We also
collected data on the gender and partisanship of our coders. There were no significant
gender differences (although men at UVa did tend to rate the Beyer spots somewhat
more negatively than did women). Significant partisan differences emerged at UVa—
where students were familiar with the candidates and had seen many of the ads during
the campaign itself—but not at ASU: Democratic coders at Virginia rated Beyer’s ads as
significantly less negative than did Republicans and Independents (there were no differ-
ences among the Gilmore spots).

Our three-category classification scheme is similar to one employed in prior work
(Ansolabehere et. al., 1994; Goldstein 1997; Jamieson, Waldman, and Devitt 1998). As
noted above, we reserved the “contrast” category for ads that contained a fairly bal-
anced distribution of positive and negative appeals. Ads that were predominately nega-
tive, with a token mention of the sponsoring candidate, were coded as negative (most

15But see Mayer (1996) for a defense of campaign negativity.
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~ often as a “4” on the original five-point scale). Thus, it might be more accurate to think
of this third category as “balanced” rather than “contrast.”

For some purposes, one might wish for a more nuanced coding. It might be useful,
for example, to distinguish between “trait” and “issue” messages (Kahn and Geer 1994)
or to code “appeals” or “arguments” rather than taking the entire ad as the unit of analy-
sis (Geer 1998; Jamieson, Waldman, and Sherr 1998). Finally, it would be interesting to
distinguish between the text of an ad—the spoken or written message—and the audio
and video imagery—the nonverbal cues that may be as important in communicating
" tone as what is read or heard. We leave these distinctions for future work (although we
believe that taking the ad as the unit of analysis allows one to capture the impact of text
and imagery).

In all, thirty-eight distinct television ads were aired during the Virginia campaign,
twenty-two for the Gilmore campaign, sixteen for Beyer’s. Of the thirty-one videotaped
ads provided by the campaigns, only twenty-four actually aired. For these ads, we took
the average of our student coder ratings. Despite the large number of coders, the coding
was quite reliable: In fourteen of the twenty-four taped ads, more than 90 percent of the
" 149 students agreed on the coding of the spot.20 In five of the remaining spots, more
than two-thirds of the coders agreed on the coding. In all, there were only four spots in
which less than a majority agreed on the same coding, and in each of these there was
agreement among a plurality of at least 48 percent. Put simply, the vast majority of
coders agreed on four-fifths of the ads, and there was strong plurality agreement on the
remaining four spots.

The authors and a research assistant viewed the ads independently. Among these
coders, there was perfect agreement in twenty-one cases (88 percent). In one of the
- three cases of disagreement, one coder rated an ad as “contrast” that the other two
coded as negative or positive; in the other two cases, one coder rated negative or posi-
tive while the others coded contrast. In no case was there disagreement over whether
spots were negative or positive. The mean “elite” coding of each aired ad on videotape
agreed with the student average in twenty-three of twenty-four cases (96 percent).

In addition to the twenty-four videotaped spots provided by the campaigns, fourteen
other ads were aired during the course of the election season. These ads were evaluated
separately by the two co-authors, using the CMAG storyboards. The authors agreed
- with one another in eleven of these fourteen cases (79 percent; in each of the three cases
of disagreement, one coder rated a spot as contrast; in no case was their disagreement
over whether spots were negative or positive), and reached full agreement in a subse-
quent round of coding.

Comparing the elite storyboard and video coding for the twenty-four aired video-
taped ads captured on video, each coder was consistent in at least twenty-one ads; in
every case of inconsistency, the taped spot was rated as negative while the storyboard
was rated as contrast (consistent with the hypothesis that the broadcast ad contains
- important cues that one would miss by reading text; even text accompanied by still
pictures). Finally, comparing the elite storyboard and student video codes, at least one

20Reliability was significantly greater among the forty-eight UVa students, 100 percent of
whom agreed on the coding of four of the spots, and more than 90 percent of whom agreed on six-
teen of the spots.
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of the storyboard coders agreed with the mean student rating for all but one ad (which
both coders rated contrast on paper but negative on video, as did the students). In three
other cases, one coder agreed with the students in coding a negative or positive spot
which the other coder saw as contrast.

APPENDIX B
Question Wording for Individual-Level Survey Data

Voter Turnout. Question Wording: “In talking to people about the election we find that
a lot of people weren’t able to vote because they weren’t registered or they were sick or
just didn’t have time. How about you, did you vote in the elections this November?”
Coding: 1 if yes, 0 if no.

Education. Question Wording: “What is the highest level of education you completed?
Did not complete high school; completed high school; some college but didn’t finish; 2
year college degree; 4 year college degree or B.S.; some graduate work; completed
masters or professional degree; advanced graduate work or Ph.D.; don’t know?” Cod-
ing: O to 1 scale.

Campaign Interest. Question Wording: “I"d like to get a general sense of how much
interest you have in the current campaign for Governor of Virginia. Would you say that
you are very interested, somewhat interested, or not that interested in the campaign so
far?” Coding: 0 to 1 scale.

Political Information: Question Wording: “We are interested in how well known some
of our public figures are. Do you happen to know the names of the two U.S. Senators
from Virginia?” [I[F NECESSARY: “And who are they?”] Coding: 1 if two correct
names given, .5 if one correct name, 0 if no correct name given.

Female. Recorded by interviewer. Coding: 1 if woman, 0 if man.
Age. Question Wording: “In what year were you born?”

Party Identification. Question Wording: “Generally speaking, do you usually think of
yourself as a Republican, a Democrat, an Independent, or something else?” (If Republi-
can or Democrat) “Would you call yourself a strong (Republican/Democrat) or not very
strong (Republican/Democrat?” (If Independent, other or no preference) “Do you think
of yourself as closer to the Republican or Democratic party?” Coding: 0 to 1 scale (1=
strong Democrat).

Strength of Party Identification. Coding: 0 if independent or apolitical, .33 if indepen- .
dent leaning toward a party, .67 if a weak partisan, 1 if strong partisan.

African American. Question Wording:. “Finally, I am going to read a list of racial and
ethnic categories. Would you tell me what category best describes you?” Coding: 1 if
black or African American, 0 otherwise.

Television Viewing. Question Wording:

Thinking back to last week, about how many hours did you personally watch television
on a typical weekday morning, from 6:00 to 10:00 AM?
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How many hours of television did you watch during a typical weekday from 10:00 AM
to 4:00 in the afternoon? ‘

How many hours of television did you watch from 4:00 to 8:00 PM?
How many hours of television did you watch from 8:00 to 11:00 PM?

And how many hours of television did you watch from 11:00 PM until 1:00 in the
morning?

Newspaper Reading. Question Wording: “How many days in the past week did you
read a daily newspaper?” Coding: number of days. -

‘National News Watching. Question Wording: “Again thinking back to last week, how
many days did you watch a national news program on TV?” Coding: number of days.

Local News Viewing. Question Wording: “And how many days did you watch the local
news on TV?” Coding: number of days.

Recall of Campaign Ads. Question Wording: “Do you recall seeing any campaign
advertisements for Jim Gilmore on television this year? Do you recall seeing any cam-
paign advertisements for Don Beyer on television this year?”” Coded 1 if yes to either
"question, 0 if no.

Efficacy. Question Wording: “People like me don’t have any say about what the govern-
ment does.” “Sometimes politics and government seem so complicated that a person
like me can’t really understand what’s going on.” Each question coded from O (strongly
agree) to 1 (strongly disagree); then scores averaged.

Campaign/Party/Group Contact. Question Wording: “As you know, political organi-
zations such as parties, campaigns and groups try to talk to as many people as they can
to get them to vote for their candidate. Did anyone from an organization call you up or
come around and talk to you about the election this year?” “Did you receive any mail
asking you to support a particular candidate for office?” Coded 1 if yes to either ques-
tion, 0 if no.

Perceived Tone. “Do you recall seeing any campaign advertisements for Don Beyer/
Jim Gilmore on television this year? [IF YES] Would you say that the ads for Don
Beyer/Jim Gilmore were generally positive, generally negative, or is it hard to say?”
Each candidate coded 1 for negative, -1 for positive, O for hard to say or no ads re-
‘called. Scores combined into a single five-point measure ranging from —1 (most positive
perceptions) to 1 (most negative perceptions).
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